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Abstract

Many young graduates from developing countries, with only general knowledge, struggle to find wage
employment or entrepreneurship. This period of professional transition is often prolonged. Based on data
from the 2018 Cameroon Employment Policy Improvement Survey (EAPE), conducted among 3292 young
people, this study analyzes whether a first work experience acquired during studies can shorten this transition
period. To do this, we used a three-equation model to correct for selection and endogeneity biases, as well as
a concurrent duration at risk model. The results show that a first work experience during studies does reduce
the time it takes for young people to find a salaried job or start their own business. However, after their studies,
young people first look for a salaried job and only turn to self-employment after several failures. Employment
policies need to be reoriented or expanded to promote young people's engagement in well-designed work
experiences at school.
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1. Introduction

The importance of human capital, and more specifically of the combination of education and experience, in
the transition of young people to the labour market has been frequently mentioned in academic and political
discourse over the past 50 years. However, very few studies mention in their results what happens after
schooling. Indeed, while graduation marks the end of the school process, it also heralds the beginning of
another lifelong process, that of having a job in the job market (Bjorn et Ropke, 2018a). According to the
survey Afrobaromeétre (2015), young people are three times more likely to be unemployed than adults, and
the academic profile, when not accompanied by a first work experience before graduation, tends to increase
the transition time of young people. Recent empirical evidence shows that a significant proportion of young
people experience relatively long transition periods between leaving education and the transition time to the
world's first job (Dedehouanou et al, 2022; Garcia and Fares 2008; Oumba, 2016). And Cameroon, like most
other countries in the world, is not on the sidelines of this situation.
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As in most developing countries, the transition time to the labour market varies from less than a year to 40.3
months in Cameroon (Boutin 2010; Scott, 2019) and more than half of the young people leaving the education
system have spent more than a year unemployed. In addition, young people with a primary level of education
experience a longer period of unemployment (47 months) than those with a secondary level (37 months) or
higher (31 months) (BIT, 2015a). Faced with this observation, more and more young people are choosing to
combine study and work to gain experience and improve their job prospects. This phenomenon, which aims
to compensate for the lack of immediate experience after training, has increased from 5.25% in 2003 to
13.14% in 2014 (INS, 2014). Nevertheless, the lack of specific experience, in particular of immediate
productivity at the end of initial training, is often put forward to explain the difficulties encountered by young
people in their transition to the labour market (Bjorn et al. 2016; Garcia and Fares 2008; Manacorda et al,
2017).

Recent studies suggest that successful employment is based on a combination of a university degree and work
experience (Béduwé et Espinasse, 1996). Indeed, the lack of experience penalizes some graduates on the job
market (Béduwé et Cahuzac, 1997), pushing them to obtain additional diplomas or to combine studies and
internships (Bjorn et al, 2016; Manacorda et al, 2017). As a result, the transition process is not uniform, and
the length of transition appears to be inversely related to the level of education (Matsumoto and Elder, 2010).
For example, obtaining a four-year degree rather than a three-year degree can accelerate this transition Caves
et al (2021). However, research from Assaad et Krafft (2014) do not find a meaningful link, while Boutin
(2010) shows an inverse correlation, where high school graduates find a job faster than elementary school
graduates.

Although the theory of human capital work (Becker 1964; Mincer 1974; Akono and Nanfosso 2013), has
largely associated education and experience with salary, few studies have empirically examined the impact of
a first work experience acquired before graduation on the length of young people's transition to wage
employment or self-employment (Manacorda et al, 2017). The existing works provide various insights. In
France, Béduwé et Cahuzac (1997) have shown that reconciling studies and experience increases the
probability of getting a job quickly, so fixed-term contracts during studies lead to fixed-term contracts and
odd jobs to odd jobs. For Spain, Sanchez-Gelabert et al (2017) found that, despite a risk of repeating a year,
this practice helps students develop skills and professional contacts, thus improving their transition time.
However Nilsson (2015), finds, on the basis of descriptive statistics, that the effect of reconciling education
and experience in 20 countries on the transition varies greatly from one country to another. One of the
criticisms of this work is that it most often uses the direct measure (which consists of asking the individual
directly if he or she has worked or done internships during studies) of the school-experience balance, yet the
School to Work transition (SWTS) surveys recommend the use of the indirect measure (which consists of
constructing the education-experience balance variable from the section on the activities that young people
carried out before leaving the education system) Nilsson (2016).

To our knowledge, the only study on developing countries (DCs) is that of Dedehouanou et al (2022) in
Benin. Although they used a competing at-risk duration model, their analysis, based on direct measurement,
did not distinguish between salaried jobs and self-employment. For his part, Nilsson (2016) used both direct
and indirect measures, but limited itself to linear probability models, which do not study transition duration.
To overcome these methodological shortcomings, this article aims to verify whether acquiring work
experience during studies shortens the transition period of young people to the labour market in Cameroon.
More specifically, the study hypothesizes that this experience, measured indirectly, significantly reduces the
duration of access to both salaried employment and self-employment. Section 2 provides a review of the
theoretical and empirical literature on the relationship between first work experience during studies and the
length of time young people transition to each of the outcomes. Section 3 presents the methodology used to
assess the effect of the experience gained during the studies on the duration of transition to either paid
employment or self-employment. The results are presented in section 4, while section 5 concludes the paper.
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2. Reconciling Education and Experience and Transition: Literature Review

2.1 Theoretical underpinning

The literature on professional transition can be synthesized around three major theoretical currents: the theory
of human capital, the theory of signals and the theory of competition for employment. Each of these
approaches, although distinct, contributes to the understanding of the process of young people's transition
from school to the labour market. According to the theory of human capital, illustrated by the work of Becker
(1964) and Mincer (1974), education is an investment that increases workers' productivity, resulting in higher
wages. Becker (1964) affirms this view by distinguishing between general training and specific training
(through employment), stressing that the latter, despite a higher initial cost, is associated with better results
in terms of wages. Mincer (1974) Quant focuses its analyses on the number of years of study, post-study work
experience and salary. The main limitation of these early studies is that they only consider the experience
gained only after the end of studies. Moreover, they measure the success of the transition solely by salary,
ignoring other forms of employment such as self-employment (Dedehouanou et al, 2022; Sanchez-Gelabert
etal, 2017).

Complementary to this work, signal theory suggests that employers use diplomas not as proof of acquired
productivity, but as signals to identify candidates' innate aptitudes. Arrow (1973) postulates that education
serves to reveal innate skills, which the employer cannot directly observe. The diploma thus becomes a signal
that guarantees the company a minimum level of skills. Spence (1974) develops this idea by showing how
individual characteristics and associated signals can influence the recruitment decision. The employer may
require higher signals to reduce uncertainty, which can disadvantage candidates from less advantaged
backgrounds. Pigliaru and Vannini (1995) add that signal quality is paramount. They point out that the
multiplication of diplomas can complicate the interpretation of signals, but that the training curriculum
remains a relevant filter. While these models recognize the importance of signals, they do not fully explain
the impact of vocational pathways. In addition, they can be distorted by imperfect information or poor quality
signals, leading to long and difficult competing professional transitions.

Thurow (1974, 1975) offers an alternative vision. In his theory of competition for employment, candidates do
not compete with each other by their salaries, but by seeking to minimize the costs of their training in a
company. The employer ranks candidates in a labor queue based on the estimated training cost. Candidates
with the lowest costs are given priority. However, in this context, higher degrees are not always an advantage,
unless they reduce training costs. Candidates with work experience are often at an advantage, as their
curriculum sends a clearer signal about their future skills and training costs, reducing uncertainty for the
employer. While theories of human capital, signal, and job competition shed important light on the transition
of young people to the labour market, they have common limitations. The main one is the omission of work
experience acquired during studies (internships, student jobs). However, this experience, as well as the
individual characteristics of candidates, plays a crucial role in the recruitment process and influences the
duration and quality of the transition of young people (Dedehouanou et al. 2022). It is therefore essential to
integrate these dimensions for a more complete analysis.

2.2 Empirical Evidence

Initial checks of this relationship revealed several discontinuities in the performance of reconciling education
and work experience during studies in developing countries than in those developed. Although the literature
on this relationship is very mixed, it has remained focused on PD (Béduw¢ & Espinasse, 1996; Manacorda
et al. 2017; Nilsson, 2016), most studies use the direct measurement of the accumulation of education and
experience. To our knowledge, the only study that has addressed this relationship in developing countries is
that of Dedehouanou et al (2022). Based on the data from the Survey School-to-Work Transition Survey
(SWTS) of 2014, they estimated a three-equation model and a duration model to account for endogenous
allocation and sample selection. They have thus shown that a first professional experience reduces the
transition from school to the first job in Benin. However, their results were significant only for male youth
and youth who left school with at least a high school diploma. In addition, the authors capture integration in
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a global way without providing details on salaried and non-salaried jobs. If Nilsson (2016) provides results
for several countries, including those in sub-Saharan Africa, its results are obtained solely on the basis of
descriptive statics and a linear probability model (which consists of estimating a dichotomous variable from
ordinary least squares Nilsson (2015)). As for Cameroon, there is almost no work on this relationship. The
few existing studies focus on the effect of student work on university repetition in Cameroon (Ngoko et al,
2022) and on the effect of child labour on their school attendance in Cameroon (Kamga, 2011).

With regard to child labour, Kamga (2011) assesses the occupational value of child labour during studies on
their school attendance using Cameroon's third household survey and finds that child labour has adverse
effects on school attendance. Ngoko et al (2022) have instead analyzed the effect of students' work on
university repetition in Cameroon. Their results will reveal that beyond 30 hours of work per week, working
increases the likelihood of repeating the academic year.

In the PDs, the literature is abundant (Béduwé and Cahuzac, 1997; Geel and Backes-Gellner, 2012; Hotz et
al, 2002; Light, 1998). Using data from the 1998 Céreq survey to test the effect of work experience during
studies with a multinomial logit model in France, the results of the analyses of Béduw¢é et Cahuzac (1997)
will show that reconciling studies and experience increases the probability of quickly integrating at the end
of studies. In this context, they argue that reconciling education and experience provides skills that send
signals to the employer. The explanation for this is that the work carried out during studies can be extended
for some time after leaving the education system. By distinguishing between traditional students and
employed students, they will find that having obtained a first work experience before leaving school increases
the chances of quickly finding a job, but under equivalent conditions. As a result, subsidised contracts during
studies lead to subsidised contracts, permanent contracts to permanent contracts. It also establishes that even
if career paths differ, having reconciled education and experience spares young people from long periods of
transition. Among the activities carried out during studies, he mentions that low-paid internships in companies
are advantageous in terms of reducing the transition time of young people.

Using unique Belgian longitudinal data, (Baert et al., 2022) find that students who work during the summer
holidays are more likely to be employed three months after graduation. This work bonus for pupils in
secondary education is higher when pupils also work during the school year. The decomposition of this total
effect shows that the direct return on students' work during secondary education overcompensates for its
indirect non-positive effect via academic success. This effect also decreases over time, with the bonus for a
combination of work during the summer and the school year becoming statistically insignificant five years
after graduation. In the United States, the work of Hotz et al (2002) find that the estimated returns to labour
during secondary or university education are significantly reduced in magnitude and are not statistically
significant when dynamic selection methods are applied. However, the existence of heterogeneous returns
according to the intensity of the balance between education and experience has been generally neglected in
the literature.

The work of Light (2001) shows that there is a positive return to student work only when work-study balance
exceeds 21 hours per week. Focusing on the link between student work and field of study, several authors
emphasize the importance of consistency. Indeed Geel et Backes-Gellner (2012) find that students with a job
related to their degree have higher earnings after graduation. Likewise Weiss et al (2014) as well as Robert
et Saar (2012) confirm that a strong correlation between employment during higher education and field of
study improves subsequent employment opportunities. These findings highlight the heterogeneous impact of
student work on employment outcomes. The beneficial effect depends not only on the fact of working during
one's studies, but above all on the nature of the job and its suitability for the university course. Passaretta et
Triventi (2015) also examined this relationship in four European countries. However, since they cannot
control for the unobserved factors that influence both student employment and labour market success, they
interpret their results in a purely descriptive way, without attributing a causal link to them.
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Another debate concerns the measurement of the balance between studies and experience, with the exception
of the surveys carried out in Brazil and Colombia where the design had been adapted. Nilsson (2015) uses
direct or subjective measurement. Indeed, between 2014 and 2016, the ILO implemented additional surveys
in 25 countries, this time using a revised questionnaire to allow the identification of all economic activities,
regardless of the date of completion of schooling. In this dynamic, it is now possible to identify the acquisition
of a first work experience during studies from the historical grid of economic activity young people. Using
this measure, Nilsson (2016) The ILO's School to Work Transition (SWTS) data from 20 countries found that
young people who have reconciled work with study experience faster transitions to stable and satisfying jobs,
and lower unemployment rates. He also finds that young people from developing countries who combine
studies and experience have for the most part transitioned to self-employment at the end of their studies.

Balancing education and experience can facilitate the career transition of young people in several ways,
including by expanding their social network. As demonstrated by Calvo-Armengol et Jackson (2004), an
extensive social network significantly increases the chances of finding a job. By working during their studies,
young people come into contact with professionals in the labour market, which can open doors for them for
the future. These relationships can provide recommendations or information about job opportunities, helping
to reduce the risk of unemployment. The absence of these connections can limit access to information on
available jobs, thus prolonging the search period. In addition to expanding the network, student work offers
direct contact with employers. If the job is related to the student's field of study, this part-time experience can
serve as a stepping stone to a full-time position with the same company after graduation. Engagement with
employers during studies thus acts as a filter, increasing the chances of a successful transition and reducing
the transition time to the labour market.

In developing countries, a specific context is emerging, characterised by a limited capacity of public
universities in the face of very high student demand. This situation is particularly interesting for studying the
balance of studies and experience, particularly for students at state universities, whose training programs do
not systematically include internships. The question of the impact of student work on the duration of transition
remains largely unexplored in these contexts. It is therefore crucial to provide empirical evidence of the
relationship between the accumulation of education and work experience over the transition period, taking
the example of Cameroon. An analysis of the influence of this dual characteristic (academic training and
professional activity) on salaried work and self-employment must take into account the endogeneity bias that
could distort the results. To obtain reliable conclusions, the application of an econometric analysis method
capable of correcting these biases is essential.

3. Methodology
3.1 The Conceptual Framework

To analyze the economic consequences of work experience during studies on the transition time of young
people to the first job, we rely on rational choice theories and the random-utility model initiated by McFadden
(1981) and taken up by Lankford et Wyckoff (1992). Indeed, young people faced with lack of experience are
assumed to be heterogeneous agents and their decision to reconcile studies and experience is conditioned by
the success of their future transition (Epple and Romano, 1998). The search for a first experience will only
be possible if young people anticipate that it will send better signals of productivity to employers. Therefore,
the young person's decision to work as a student and as an internship, rather than just attend, could be seen
through the lens of optimization under constraint where the experience will be beneficial for a rapid transition
into the job market (Epple & Romano, 1998; Totouom et al, 2018).

Let us consider a young person still in the education system who has a utility function of the form:
U = (Uy, Up).

Let's refer to the gains associated with experience during studies and the gains associated with attending only.
Based on the framework of random utility, a student seeks to acquire a first professional experience before
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the end of his studies if the benefit resulting from this choice is positive. This translates into the condition:
U; > Uy. The net benefit U* = U; — U, is represented by a latent variable (d;) taking the value 1 for young
people who have reconciled education and experience and 0 otherwise.

In this context, the transition to one of the outcomes of the labour market is linked to a set of arguments such
as education, experience, family characteristics and the unemployment rate. It is therefore this function of
transition duration that will be estimated in the context of this work. The analysis of this process is a
multidimensional concept, and the way to approach it is not unanimous. The following section reviews the
empirical specification of the econometric model.

3.2 Empirical Specification of the Econometric Model

The first relates to the variable of interest (education-experience). In fact, the evaluation of the effect of work
during studies on the length of transition of young people to each exit from the labour market assumes that
we are interested only in young people who have reconciled education and experience, whereas there are
simultaneously four groups of young people, namely:

(i) those who have completed their transition (i) those who attend only (7ii) those who attend by seeking a
first work experience through internships (iv) and young people who are neither in the education system nor
in the labour market.

Thus, taking an interest in those who reconcile studies and experience and who are in salaried or self-
employed employment poses a selection problem. If Roy (1951) lays the theoretical foundations of this
problem, Lee (1983) Illustrates the correction technique. However, this is only valid in the presence of two
choices. In our case, its correction will be made by the method of Heckman (1979), which is more suitable
when the number of alternatives is greater than two.

Second, to correct for endogeneity bias related to unobserved factors that influence the decision to work
during studies, we use a methodology inspired by Heckman et Robb Jr (1985). Instead of directly assessing
the effect of the school-experience balance, we replace it with the predicted probabilities of having worked
while in school. This approach ensures that the variable of interest is independent of unobserved
characteristics. As a result, we have adopted a two-step methodology, inspired by the method of instrumental
variables of Heckman et Robb Jr (1985). The first is to correct the selection bias according to the Heckman
(1979). To do this, we calculate the predicted value of work experience from the predictors of the simple
probit model. This predicted variable will then be integrated into the concurrent duration at risk model for
salaried employment and self-employment, in order to account for endogeneity bias (Dedehouanou et al,
2022; and Sabatier, 2003). In the second step, we use a concurrent duration of risk model to assess the effect
of cumulative education-experience on the length of transition to each outcome.

1.3 Step One: Modelling the Balance of Education and Experience

In the first step, the reconciliation of studies and experience is estimated by the simple probit model, which
is more suitable in the case of binary variables. The school-experience balance is represented by a binary
variable equal to Y;;1 if the young person has reconciled education and experience and 0 otherwise. If the
balance between studies and graded experience is positive, we have the equation below: Yy}

Yii=Xifit& (D

With Xi the vector of individual exogenous characteristics associated with the coefficients fi at the error term
that follows a normal distribution of parameter &;0 and 1.

Let be an observed main variable corresponding to the accumulation of studies and experience. is the vector
of explanatory variables that groups two categories of variables. The first refers to the exclusion variables
that exclusively explain the accumulation of studies and experience, without having an influence on the
duration of the transition. To this end, to identify the selection and outcome equations, this research uses the
parents' education level as instruments in the selection equation. is given by:Z;;Y;;Z;;
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The eligibility of this instrument is established by performing a simple falsification test following Mincer et
Polachek (1974) ; Di Falco, Veronesi, et Yesuf (2011) ; Dedehouanou et al (2022). If this variable is a valid
selection instrument, it will affect the decision to balance education and experience, but not labour market
outcomes. Indeed, the level of education of the parents, which is an indicator of the family environment, can
be used as an instrument since the economic literature predicts that the lower the level of education of the
parent, the greater the family needs, which may, to a certain extent, force the young person to reconcile studies
and experience. In addition, this variable is expected to reflect parents' preferences for their children's
educational profiles, which may to some extent explain their labour market outcomes. The second group of
variables relates to the set of control variables that determine the transition time.

1.4 Step Two: Modelling the Balance of Education and Experience and the Length of Transition
to First Job
The analysis of transition times is generally dealt with using survival functions. In this regard, to evaluate the
efficiency of the balance of education and experience considered endogenous over the transition time of
young people, we use a concurrent risk duration model. This method takes into account the heterogeneity of
labour market outcomes. In fact, two employment outcomes are considered: young people can access salaried
work or self-employment. Considering the simplest case where employment is the only option for a successful
transition, the instantaneous probability of exiting the transition period at time d, conditional on the fact that
this exit has not yet occurred, is defined as the risk function below:
__ ;. P(dsD+A|Dzd) _ F(d,¢)
hid, ¢) = o 2 ~ S(d.¢) 3)

With F(d, ¢)d the density function. In this specification is the number of months of transition from the exit
of the education system to each exit. And ¢ the vector of the parameters to be estimated.

Subsequently, we estimate the discrete-term proportional risk or chance function given by:
h(d, $) = 9;Ao(D)Exp(aET; + BXiq + 6X2iq) 4)

In the specification of the cumulative education-experience model and the transition time to each labour
market outcome, D is the transition time from school to the labour market, assumed to be a random variable
whose cumulative function represents the probability of access to each outcome at time d given by the relation
below:

F(d,¢)=P(D<d)vd=0 (5)

With the random effect specific to each individual that takes into account unobserved sources of heterogeneity
that are supposed to take a multiplicative form. is the baseline risk that explains the dependence of the risk
on each risk 9;A,(d)i. This is the risk Snapshot to exit the transition when all covariances are zero. This risk
can be expressed as a logarithmic or polynomial function of each month's survival time. Yi; (study-
experiment) is the variable of interest, and X;; and X5;,4 the vectors of the explanatory variables fixed in time;
a, § and § their parameters to be estimated. Equation (3) is estimated by the maximum probability distribution
using a weibull distribution for unobserved individual heterogeneity (Jenkins, 1997; Meyer-Adams et Conner,
2008).

By estimating the transition time (D) given by the equation of results or exit from unemployment (6),
incorporates the predicted value of the combination of education and experience (Y;;) (8) to account for
endogeneity bias. From this prediction, it is possible to calculate the inverse of the ratio of millets that we call
Lamdai given below:

T; = ay;ET + Lamda; + fX; +uq; >0 (6)
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Osinon
Where education-experience is the endogenous treatment variable constructed from the activities performed
by young people when they were still in school, the vector of control variables, and an indirect measure of
work-study balance. These activities include internships and student work. is the instrument or predicted
value of the work-study balance, which is needed to calculate the inverse of the ratio of millets (Lamdaay;)
and a4;, § and ¢ are the parameters to be estimated. The error term follows a normal distribution with a zero
mean. The correlation between the error terms is given by:

corr(uy, uy) = p

Equations (6) and (7) are the main part of the multi-equation model, they make it possible to establish the
correlation between the unobserved factors, which have an effect on the processing of the main results,
particularly on the duration of access to employment. The treatment variable reconciling studies-experience
is endogenous with a correlation p # 0.

Given that the transition time to each market exit is only unobserved for young people who are no longer in
the education system at the time of the survey. Average duration D is observed if the selection variable is
equal to 1. The equation (7) thus forms a block of the Heckman model (Heckman, 1976; Lewis 1974).

Finally, all young people manage to integrate so well that the transition period is not censored. Knowing that
about 80% of them have access to self-employed jobs (employer, self-employed worker, family helper,
apprentices), this work takes into account the heterogeneity of the outcomes on the labour market by
distinguishing between salaried jobs (in particular, managers/engineers;, middle managers/supervisors;
employer/workers and labourers) and self-employment (made up of employers, self-employed workers,
family workers, and apprentices). At this level, the duality of the outcomes of access to employment and the
existence of a segmentation of the Cameroonian labour market lead to taking into account in the regression
of the duration model, the duality of outcomes on the labour market. In other words, the prospector can
transition to a salaried job, or to self-employment. The lakh probability function of a two-issue duration model
is written as follows:

LnL = Yi*, Salari; In 6,; + NonSalari; In(6,;) + kLamda; + In S (d;) (8)

With a binary variable equal to Salari;1 if the young person has obtained a salaried job assumed to be from
1; another dichotomous variable equal to NonSalari;1 if the young person has transitioned to self-
employment considered as outcome two. The and are the chance rates associated with each outcome. The
tracking function is given by the relationship below:6,;6,;

1
S(d;) = [1 + 6?(¢;d;)] 92 in this case chance becomes: 8;(d;) = [S(di)]_"2

Given that an estimate by the model of duration with dependent competing risks poses several problems of
identification and knowing that durations have proportional intensities of access to employment, Lancaster
(1990) assumes that the duration model can be estimated as a single-outcome model considering the other
censored observations against that outcome. We therefore estimate the following likelihood functions:

In Lsqiari = XY=y Salari; In(8) — In(1 + 026,d;) (Salarii + i) 9)

0—2
In Lyonsatari = 2r=q NonSalari; In(8) — In(1 + 026,d;) (NonSalarii + %) (10)
The chance rate is written: 8; = [ET]|**% exp{{Dure;}

With ET the predicted value of the education-experience variable which represents the anticipation of the
improvement of one's future integration. And { a parameter of the transition duration distribution function.
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In addition to the predicted value of the school-experience balance that we use as an instrument, we also use

the parents' level of education. Table 1 below describes the variables used:

Table 1: Definition of the variables used in the regression

Variables Defining Variables
Duration Continuous variable variable. It is not censored
Employment Variable dummy equal to 1 if the young person is in a salaried job and 0 if not
Employment Dummy variable equal to 1 if the young person is self-employed and 0 if not

Work-Study Balance

Dummy variable of interest equal to 1 if the young person had reconciled studies
and experience and 0 if not

Age

Continuous variable between 15 and 35 years

Age (in years)

Continuous variable and is between 15 and 35 years old

Sex

Dummy variable equal to 1 if boys and 0 if girl

Has a child

Dummy variable equals 1 if the young person has a child and 0 if not

Marital status

Multinomial variable with 0 modalities. It is equal to O if the young person is
divorced, 1 if he is single, 2 if he is in a common-law union and 4 if he is cohabiting

Domain from formation

Multinomial variable with 7 modality and equal to 0 if other, if general programs,
2 if education, literature and arts; 3 if social sciences; 4 if science, mathematics
and computer science; 5 SI engineering and processing industry and 6 SI
agriculture, veterinary sciences and health.

Adequacy of training

employment

and

Variable with three modalities and equal to 0 if overqualified; 1 if over-qualified
and 2 if under-qualified

Level of education

Multinational variable equal to 0 if primary; 1 if general secondary cycle one; 2 if
general secondary cycle two; 3 if secondary technical first cycle; 4 if technical
secondary second cycle and 5 if higher level

Company-funded training

Variable dummy equals 1 if yes and 0 if no

Unemployment rate

Continuous qualitative variable

Level of the mother's education

Multinomial variable equal to O if if without level; 1 if primary; 2 if secondary,
first cycle; 3 if secondary, upper and 4 if higher

Socio-professional category of

the CM

Multinomial variable equal to 0 apprentices; 1 if senior manager; 2 if middle
manager; 3 if worker; and 4 if self-employed

Source: Author, based on Cameroon's EEPA 2018 database.

1.5 Data and some Descriptive Statistics of the Study

We use data from the Survey on the Improvement of Employment Policies in Cameroon (EAPE) conducted
in 2018 by the International Development Research Center (IDRC) and the Center for Research in Economics
and Management (CEREG). The survey used a 6-section questionnaire to collect information on the situation
of young people. These relate to the socio-demographic characteristics of young people and households,
education and training profiles or pathways, formal training, unemployment situations, their aspiration in
terms of activities, young people not in the labour force and include a retrospective question on the activities
carried out by young people between the period 2011 and 2017. These activities include student internships,
student work and professional activities carried out during studies.

At the end of the survey, 3292 individuals were questioned, most of them, about 93.98%, are in the 15-35 age
group. Our sample is based on 2569 young people, i.e. 78.09% of young people who, at the time of the survey,
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were no longer in the education system. Of these young people, 317 have completed their transition to salaried
employment, compared to 368 who have transitioned to self-employment. Finally, our sample is made up of
685 young people who have transitioned to self-employment or self-employment, because it is only for these
young people that the transition period can be observed. We deal with the selection problem by taking into
account the 721 young people, i.e. 21.91% of them, who were still in the education system at the time of the
survey. The dependent variable is the transition time between school and paid or self-employed work and
does not include domestic work that is unpaid. Each individual is observed over a period 7 corresponding to
the interval for which he or she leaves the education system and obtains a first job.

Table 2 presents descriptive statistics for some of the variables used. It shows that a little more than half of
the young people, i.e. 56.42%, had reconciled studies and experience during their studies, compared to a little
less than half, i.e. 43.58%, who were only attending school. Overall, among the young people who had found
a salaried job, 60.72% had worked during their studies compared to 39.28% who had only attended school.
Of those who completed their transition to self-employment, 72.58% had reconciled education and experience
compared to 27.42% who had not worked while studying. In terms of the length of transition to each exit
from the labour market, it can be read in general that young people who focus solely on education have a
longer average transition time (10.86 months) than young people who have reconciled education and
experience (8.81 months). In terms of labour market outcomes, young people who worked during their studies
spent an average of 8.62 months unemployed before setting up their own business, while those who found
paid employment lasted 10.93 months. When we look at young people who attend only school, it appears that
those who have found a salaried job have a longer average transition time than young people who have set up
their own or are self-employed, i.e. on average 11.09 months compared to 8.88 months respectively.

A disaggregation by field or training course reveals that among the young people who have obtained a salaried
job, a little more than half (i.e. 55.63%) have a training course in social sciences, business and law, followed
by those in engineering and production industry (18.34%), those in the Educational Sciences, Literature and
Arts courses (8.72%) and those in agriculture. Health and veterinary sciences have the lowest proportion
(3.39%). Also, those who are self-employed are mostly represented by young people in the fields of social
sciences, business and law (42.49%) followed by young people in the fields of engineering, business and law
and those in the fields of agriculture, health and veterinary sciences come at the bottom of the scale with a
lower proportion (i.e. 3.43%). In terms of transition duration, among young people who have gained access
to paid employment, those in mathematical and computer sciences, general programmes, engineering and
production industry have a longer transition period (11 months), while those in agriculture, health and
veterinary sciences have a longer transition duration (i.e. 7.93 months). In addition, among young people who
are self-employed, those in the social sciences business and law fields have a longer transition period (13.48
months) and those in agriculture, health and veterinary sciences have a shorter transition period (5.5 months).

An analysis by level of education reveals that, among young people who have transitioned to wage
employment, those with primary education have on average a longer transition time (i.e. 27.50 months),
followed by those with upper secondary technical level (10.34 months) and those with upper secondary
general education have a shorter transition time (i.e. 3.43 months). Among those who have set up their own
or are self-employed, it can be read that the longest transition periods are that of young people at the primary
and general secondary levels of lower secondary education, with an average transition period of 13.75 months
and 13.90 months respectively, followed by young people with upper secondary technical education (10.30
months). young people with higher levels of education (10.07 months). Young people with general secondary
level, first and upper secondary level, come at the bottom of the scale with the shortest transition times (i.e.
on average 5.41 months and 5.50 months respectively).

93



Table 2: Descriptive statistics for selected variables used

Explanatory variables Paid Duration Employment Duration Together Duration
work

Frequent and work

Frequent only 39.28 (0.48) 11.09  27.42(0.49) 8.88 43.58 10.86

Studies-experience 60.72 (0.48) 1093  72.58 (0.49) 8.62 56.42 8.81

Field of training

Other 2.60 (1.23) 8.68 2.15(1.24) 13.55 2.50(1.242) 9.75

General Programs 4.12(1.23) 11.14 8.80 (1.24) 11.78 5.15(1.242) 11.42

Edudaction Literature and Arts 8.72 (1.23) 9.87 7.30 (1.24) 13.48 8.40 (1.242) 10.36

Science/Business/Law 55.63(1.23) 933 42.49 (1.24) 9.62 52.74(1.242) 9.27

Science/Math/Info 7.20(1.23) 1194  13.09(1.24) 10.76 8.50 (1.242) 9.11

Engineering/Industry Production ~ 18.34 (1.23) 11.24  22.75(1.24) 8.98 19.31 (1.242) 11.74

Argarianism/Health/Veterinary 3.39(1.23) 7.93 343 (1.24) 5.5 3.40(1.242) 10.47

Level of education

Primary 0.06 (0.44) 27.5 0.43 (0.66) 13.75 0.140 (0.462) 18.33

General Secondary Cycle 1 0.73 (0.44) 8.04 1.07 (0.66) 13.9 0.80 (0.462) 9.76

General secondary 2nd cycle 0.48 (0.44) 343 1.28 (0.66) 541 0.66 (0.462) 4.28

Technical Secondary Cycle 1 0.30 (0.44) 5.7 1.07 (0.66) 5.5 0.47 (0.462) 5.6

Secondaire technique 2nd cycle 1.39(0.44) 10.34 2.78 (0.66) 10.3 1.70 (0.462) 10.33

Upper 97.03 (0.44)  9.97 93.36 (0.66) 10.07 96.22 (0.462) 9.89

Highest degree

CEP/FSLC 0.30(1.42) 9.97 1.29 (1.71) 9.16 0.52 (1.479) 10.72

BEPC/CAP/GCEOL 1.76 (1.42) 7.43 3.65 (1.71) 11.14 2.17 (1.479) 8.8

General/technical probationary 0.91(1.42) 9.3 1.72 (1.71) 5.81 1.09 (1.479) 8.08

BLOCKED/CANCELLED 11.56 (1.42) 1232 19.96 (1.71) 11.52 13.41 (1.479) 11.57

BEP 1.94 (1.42)  10.79 1.93 (1.71) 10.72 1.94 (1.479) 10.52

BTS/DUT/HND/DEUG 14.23 (1.42) 11.21 19.31 (1.71) 10.5 15.34 (1.479) 11.06

Bachelor's degree 44.55(1.42)  9.78 34.55 (1.71) 8.16 42.35(1.479) 9.45

Mastery and more 2476 (1.42)  8.42 17.60 (1.71) 11.71 23.18 (1.470) 8.84

Adequacy of training and

employment

Adapted studies 4.69(0.56) 11.28 6.46 (0.58) 10 65.50 (0.587) 11.08

Over Qualified 70.44 (0.56)  9.62 47.88 (0.58) 10.61 29.43 (0.587) 9.72

Under-qualified 24.88 (0.56) 10.4 45.66 (0.58) 9.57 5.08 (0.587) 10.01

Has completed vocational

training

To be followed 27.85(0.27) 10.37  32.55(0.32) 8.2 28.88 (0.31) 9.87

Didn't follow 72.15(0.27)  9.76 67.45 (0.32) 10.9 71.12 (0.31) 9.8

Socio-demographic

characteristics

Age 30.33 / 31.32 (6.96) / 29.893(5.246) /

(30.33)

Sex

Feminine 4243 (0.49) 9.51 36.62 (0.48) 11.43 41.15 (0.498) 9.83

Masculine 57.57(0.49) 1023  63.38(0.48) 9.21 58.85 (0.498) 9.86

Marital status

Bachelor 67.86 (0.78)  9.77 61.46 (0.79) 9.34 66.45 (0.749) 9.54

Common-law union or 1423(0.78) 11.92  19.91(0.79) 10.81 15.48 (0.749) 11.64

cohabitation

Married 17.92 (0.78) 891 18.63 (0.79) 11.4 18.07(0.749) 9.48

Socio-professional  category

CM

Apprentice and other 474 (1.91) 15.2 5.03 (1.24) 14.03 4.80 (1.195) 14.74

Senior Executive 22.67(191) 876 21.23 (1.24) 9.81 22.35 (1.195) 8.96

Middle management 18.72 (1.91) 7.9 13.97 (1.24) 6.05 17.67 (1.195) 7.3

Worker 32.07(1.91) 1022  31.28(1.24) 11.13 31.90 (1.195) 10.32

Own account 21.80(1.91) 8.75 28.49 (1.24) 10.8 23.28 (1.195) 9.51

Number of observations 317 368 685

Source: Author, based on EAPE database carried out in 2018. The values in parentheses are the standard deviations.

As regards the adequacy of training and employment, it is clear from Table 2 that among the young people
who have obtained a salaried job, 70.44% are overqualified in their job; 24.88% are under-qualified and only
4.69% say they have training adapted to their job. Those with the education appropriate to their job have a
longer transition period (i.e. an average of 11.28 months), followed by those who are under-qualified (10.40
months on average) and those who report being over-qualified in relation to their job (11.28 months on
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average). Among young people who have set up their own business, 47.88% are overqualified in relation to
their job and have spent an average of 10.61 months unemployed before finding a job, while only 6.46% who
have studies adapted to their job have an average of 10.00 months of unemployment before entering the job.
In terms of gender, it appears that more than half, or 57.57%, of boys are in salaried employment compared
to 42.43% of girls. However, the transition time is longer for girls than for boys, at 10.23 months compared
to 9.51 months respectively. While 63.38% of boys compared to 36.62% of girls complete their transition in
self-employment and the transition period is longer for girls than for boys, i.e. on average 11.43 months
compared to 9.21 months respectively.

Table 3 below shows the average length of transition according to whether the young person has reconciled
studies and professional activities, according to his or her academic profile, gender and whether or not he or
she is the victim of a disability. Thus, young people who have balanced work and education seem to have a
shorter average transition time than young people who attend only school. Those who have a salaried job and
who worked during their studies have been unemployed for an average of 8.88 months, while those who have
only attended school have an average of 11.09 months. Similarly, those who were self-employed or self-
employed and worked during their studies lasted an average of 8.62 months compared to 10.93 months for
those who attended only.

Table 3: Distribution of young people balancing work and work

Sectors of activity Proportion Average Standard deviation
Public administration 4.70 0.791 0.414

Public or parapublic company 7.21 0.708 0.464

Private non-farm business 88.86 0.884 0.320

Farming (plantation. fields) 0.74 1.000 /

International Organization 0.25 1.000 /

Associative company 0.74 1.000 /

Cleaning person 0.50 1.000 /

Source: author, based on EAPE database carried out in 2018

Table 4 shows that the end of transition is also sensitive to the academic stream or pathway, young people in
the education, literature and arts streams take on average a little longer, i.e. 13.48 months, to set up their own
business, while young people in the agriculture, health and veterinary sciences streams take on average less
time, i.e. 5.50 months, to transition to self-employment or self-employment. As for young people entering
wage employment, young people in science, mathematics and computer science, engineering and production
industry and general programmes spent on average longer in unemployment, i.e. 11.94 months, 11.24 months
and 11.14 months respectively to exit the transition to wage employment. However, the shortest transition
period is observed among young people in agriculture, health and veterinary sciences training courses, i.e.
7.93 months on average.

It is also mentioned that, on average, women have a shorter duration to access a salaried job than men, i.e.
9.51 months compared to 10.23 months. However, men take on average less time, 9.21 months, to set up their
own business compared to women, whose average duration to self-employ is 11.43 months. It can be thought
that being a man can offer more opportunities to reconcile studies with professional activities (internship or
apprenticeship), it allows boys to access employment quickly compared to girls. Indeed, the transition of
young girls to the labour market is most often influenced by their cultural and sociological affiliation in
developing countries and in Cameroon in particular. The functions of cumulative distributions of the duration
of transition to paid employment and self-employment by gender show that while boys have a higher
probability of exiting the transition to wage employment earlier than women, girls have a higher probability
of self-employment (Figure 1 below).
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Table 4. Work-study balance and transition time to first job

Academic or school profile

Paid work

Employment

Average Standard deviation

Average Standard deviation

Frequent and work during studies

Not 11.098 13.704 10.935 13.464
Yes 8.886 13.060 8.622 12.384
Courses or training courses
Other 8.686 11.585 13.551 14.854
General Programs 11.140 12.895 11.781 14.264
Education. Humanities and Arts 9.879 12.547 13.486 13.863
Social Sciences. Business and Law 9.333 13.640 9.624 14.182
Science. Mathematics and Computer 11.942 13.786 10.763 13.024
Science
Engineering and production industry 11.246 13.610 8.986 12.425
Agriculture. Health and Veterinary Science 7.938 11.555 5.500 10.601
Sex
Wife 9.512 13.312 11.436 15.054
Man 10.238 13.504 9.210 12.531
Victim of a disability
Is not a victim of disability 9.996 13.485 9.903 13.611
Is a victim of disability 9.133 12.674 11.293 12.822

Source: Author, based on EAPE database made in 2018.

With regard to the formality of employment, Figure 2 shows that boys are more likely to have faster access
to informal jobs than girls, while girls are more likely to have faster access to formal jobs than boys. In short,
young people with disabilities take an average of 9 months to get a salaried job and 11.29 months to set up
their own business.
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Fig. 1: Cumulative distribution function of transition time to first job by sex
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2. Econometric analysis of the effect of reconciling education and experience onthe length
of time it takes for young people to transition to their first job

This section will first present the results with the selection bias taken into account by the Heckman (1979),
which consists of calculating the inverse of the Mills ratio and introducing it into the concurrent duration at
risk model. Secondly, we present the results of the effect of the combination of studies and experience on the
duration of transition to salaried employment and to self-employment. Finally, we present the results taking
into account formal and informal jobs.

4.1. Reconciling education and experience and the length of transition of young people to paid

employment or to self-employment with selection bias taken into account
Before discussing the results of the estimation of the duration model, we present in Table 5 the validity test
of the instrument, which is here the level of education of the next parent Di Falco et al (2011) Di Falco et al
(2011). This instrument, which is included in the selection equation (cumulative education-experience) and
is not included in the outcome equations (paid work, self-employment), is validated if the parent's level of
education has a significant effect on the probability of combining education and experience, but has no effect
on the transition time to paid or self-employed work. Table 2.5 below shows that at a threshold of 5%, this
condition is met.

Tables 6 and 7 present the results with the introduction of the inverse of the Mills ratio to take into account a
potential selection bias. These regressions show that the inverse of the Mills ratio is significant in the
equations for the duration of transition from own-account salaried employment to formal and informal
employment. This confirms that the fact of reconciling studies and experience does not suffer from a potential
selection bias. Thus, the relationship between education and experience and the duration of transition to each
labour market outcome will be estimated in competing risk duration models without taking into account the
existence of a possible selection bias. Given that there may be unobserved factors that may influence both the
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decision to combine education and experience and the transition time to each labour market exit, thereby
causing endogeneity biases, which must be addressed in the evaluation of the efficiency of reconciling
education and experience over the transition period.

Table 5: Device Validity Test

Linear regression

Probit regression Salaried employment Self-employment
Parent's level of education
Primary Ref Ref Ref
High school level 0,113 (0,055) ** -0,447(0,661) 0,211 (1,217)
Upper Level —0,043 (0,065) -0,144(0,751) -1,588 (1,720)
Constance 0,135 (0,035)*** 4,184(0,424)*** 3,683 (0,794)***
Pseudo R2/R2 0,0017 0,0004 0,00535
Device Exclusion Test X2=6.25%* F-stat=0.23 F-stat=0.54
Prob>F/X 0,043 0,79 0,58
Observations 2657 317 368

Source: Author, based on the 2018 EPAE database conducted by CEREG and IDRC.

Faced with the need to obtain the variable reconciliation studies-experience independent of the terms of
unobserved heterogeneities contained in the durations and as Heckman et Robb Jr (1985), the probability
predicted by the simple Probit model is used as instruments instead of the binary variable (education-
experience balance) in estimating transition times to each labour market exit. The calculation of this predicted
probability integrates the estimated parameters f;and &;.

4.2. Reconciling education and experience and the length of transition to salaried or self-
employed employment

Estimating the effect of the combination of education and experience on the transition time of young people
to paid employment or to self-employment gives the results presented in Table 6 below. The first column
(study-experiment) is the selection equation. Columns 2 and 3 are the results with possible selection bias and
columns 4 and 5 are the results without selection bias. Table 6 shows that the most relevant result is the effect
of the combination of education and experience on the length of transition to the first job. It is important to
mention that the instrumental variable method we used made it possible to correct for endogeneity bias and
possible selection bias of the combination of education and experience on the length of transition so that its
estimated effect can be assumed to be unbiased and thus reflect only the effect of the school-experience
balance on the duration of transition to the first job. However, its effect is heterogeneous depending on
whether the job is salaried or not. Thus, to get a salaried job or self-employment, a first work experience
during studies is essential. Indeed, the combination of education and experience reduces the transition time
to salaried employment and to self-employment. Its effect, which is significantly higher on the transition to
salaried employment, means that at the end of their studies, young Cameroonians first prospect for salaried
jobs and it is only after several failed attempts that they decide to self-employ. However, the 2nd and 3rd
frames in Table 6 show that the effect of the combination of education and experience is not significant when
the endogeneity bias of the combination of education and experience on the transition time of young people
is not taken into account. Even if the sign is still negative, reflecting the positive effect of the accumulation
of education and experience on the duration of transition, it reflects the fact that the failure to take into account
the endogeneity of the combination of education and experience tends to underestimate the effect of the
reconciliation of education and experience on the duration of the transition to salaried employment and to
self-employment.
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Table 6: Balance of education and experience and transition time of young people

Equation of Selection Employment Employment Employment Employment
Variables Studiesexperiene odds ratio odds ratio odds ratio odds ratio

(Standard Deviation) (T-student) (T-student) (T-student) (T-student)
Studies-experience 0.412(-0.736) 0.0728(-0.730) 0.366(-2.038)** 0.107(-1.926)*
Ratio de Mills 1.226(0.104) 0.492(-0.117)
Gender=Boy 0.250(0.0994)** 1.230(0.980) 1.753(1.092) 1.229(0.979) 1.763(1.088)
Age -0.159(0.134) 0.785(-1.658)* 0.684(-0.883) 0.783(-1.678)* 0.686(-0.877)
Age2 0.261(0.221) 1.336(1.254) 1.936(1.010) 1.341(1.282) 1.925(1.003)
Married 0.116(0.170) 2.314(3.034)*** 1.737(0.810) 2.312(3.040)*** 1.752(0.833)
Bachelor -0.0298(0.144) 2.240(3.753)*** 1.423(0.752) 2.237(3.768)*** 1.441(0.823)
Protestant 0.255(0.106)** 1.191(0.900) 2.885(2.093)** 1.194(0.923) 2.874(2.114)**
Has a child -0.0207(0.112) 1.255(1.297) 0.376(-2.369)** 1.253(1.298) 0.378(-2.370)**

Lives with parents
Source of family income
Licence

Master's degree and more
Underqualified

Matched studies

Public administration
Private or NGO (parent)
Micro

General Programs

Social Sciences, Business and
Law

Maths/Computer Science
Engineering

Never Attended

Primary

Lower secondary
Superior

Senior Executive

Middle management

Unemployment rate for 15-35
year
olds

Constant
Log of likelihood

Observations

-0.0481(0.106)
-0.0909(0.109)
-0.203(0.117)*
-0.0316(0.137)
-0.531(0.210)**
-0.173(0.107)
-0.0997(0.152)
-0.242(0.162)
-0.152(0.133)
-0.289(0.334)
-0.0214(0.137)

-0.0127(0.194)
0.174(0.168)
0.331(0.141)**
0.249%(0.249)
0.0428(0.144)
0.280(0.170)*
-0.162(0.127)
-0.0994(0.124)
-0.326(0.181)*

4.368(2.164)%*

827

0.683(-2.381)**
0.664(-2.372)**
0.784(-1.358)
1.260(1.131)
0.773(-0.614)
1.395(1.542)
1.221(0.951)
0.845(-0.632)
0.781(-1.170)
0.286(-2.526)**
0.642(-2.356)**

0.606(-1.525)
0.748(-1.225)

0.759(-1.197)
1.204(1.058)
0.518(-2.440)**

185.8(1.326)
0.021(0.59)

316

0.554(-1.632)
0.844(-0.396)
0.575(-1.379)
0.432(-1.450)
0.180(-2.032)%*
0.262(-3.216)%**
0.737(-0.588)
0.489(-1.189)
0.882(-0.295)
0.446(-0.828)
0.824(-0.331)

0.922(-0.108)
2.729(1.694)*

0.519(-1.360)
0.392(-1.728)*
0.514(-1.056)

1.650(0.699)
-0.057(0.70)

375

0.684(-2.391)**
0.663(-2.430)**
0.784(-1.351)
1.258(1.135)
0.777(-0.604)
1.397(1.556)
1.218(0.938)
0.844(-0.635)
0.780(-1.172)
0.29(-2.579)***
0.641(-2.361)**

0.604(-1.538)
0.749(-1.227)

0.760(-1.197)
1.205(1.060)
0.51(-2.834)%**

236.9(1.736)*
0.021(0.59)

316

0.552(-1.668)*
0.847(-0.396)
0.574(-1.377)
0.434(-1.458)
0.175(-2.103)**
0.261(-3.215)%**
0.739(-0.582)
0.489(-1.195)
0.885(-0.289)
0.439(-0.844)
0.826(-0.328)

0.924(-0.105)
2.732(1.701)*

-1.369(0.391) *
-1.740 (0.524)
833.7(-1.106)

0.714(0.785)
-0.056(0.69)

375

Source: Author, based on the 2018 Employment Policy Improvement (EPAE) conducted by CEREG and IDRC. ***
significance at 1%; ** significance at 5%; * significance at 10%. The values in parentheses are the t of student and the

robust standard deviations.

Thus, ignore the problem of unobserved heterogeneity and mainly the endogeneity bias would amount to
underestimating the estimated coefficient of the study-experience balance. This may also mean that youth
with unobserved academic skills were less likely to work while in school, but that these same skills would
have helped them reduce the length of the transition period. It is therefore clear that there is a significant and
positive relationship between the education-experience variable and the instantaneous risk of successfully
transitioning out of the education system, and the value of the risk rate related to reconciling studies and
professional activities indicates that this rate is almost twice as high among young people who attended by
carrying out a professional activity or dual training.
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The significance and signs of this variable reveal the existence of a parabolic profile between work experience
during studies and duration of access to the labour market, reflecting the idea that the hours spent working
while studying are also a means of learning and thus improving their productivity. This result is consistent
with the ideas of Bjorn et Ropke (2018b); Dedehouanou et al (2022); Manacorda et al (2017), which reflect
the fact that the transition process begins for some young people while they are still in the education system
(Béduwé & Cahuzac, 1997) to a certain extent the professional value of reconciling studies and experience
on the transition period of young people in Cameroon.

Although our analyses reveal a positive effect of the school-experience balance on the duration of the
transition to the first job, the functions of cumulative distributions of the duration of the transition to the first
job (see Figure 3) show, regardless of the outcome of the labour market considered, that young people who
attended only attend school have a higher probability of quickly entering employment compared to young
people who reconciled education and experience. This result can be explained by the fact that, during their
studies, students do not always work in the jobs related to their training course. Also, several other factors, in
particular, the nature of the work and the number of hours worked can be detrimental to training, and reduce
to a certain extent the chances of quickly accessing employment at the end of studies. It is in this context that
Béduwé et Cahuzac (1997) shows that fixed-term contracts during studies lead to fixed-term contracts and
odd jobs to odd jobs. Moreover, this result could suggest that in Cameroon the recruitment process is not
always based on the experience held by the job prospector.

The differences in access to the labour market according to the type of course or course of study are also
noticeable in Table 2.6 More specifically, academic profiles (in particular, the general programmes, social
sciences, business and law) have a positive effect and reduce the transition time of young people to a salaried
job to the threshold of 1% and 5% respectively. This implies that the combination of education and experience,
associated with certain types of courses or fields of training, is likely to be more beneficial in reducing the
transition time to each of the outcomes. In addition, reconciling education and experience in certain training
courses can be more qualifying and contribute to a better match on the labour market. However, only
engineering training courses increase the transition time of young people to self-employment. This negative
influence, which reflects a long transition period, shows that when they leave the education system, young
people initially spend more time looking for paid work. This difference in terms of training profiles or
pathways observed in the « sheepskin effect » in favour of obtaining salaried work and the types of diplomas
is in line with the results of Pastore (2018). If the sector explains the gaps in access to employment, the effect
of the non-match between training and employment is also relevant. This suggests that having work
experience while studying and having some type of course or stream of attendance may be more advantageous
to enter the labour market earlier, after leaving the education system. Thus confirming the predictions of the
signal models, the academic paths reporting low productivity and high yields for profiles reporting high
productivity are confirmed here (Golbe, 1985).

As far as the adequacy of training and employment is concerned, in Cameroon, the fact that a young person
is under-educated in relation to employment and has training that matches the job greatly reduces the duration
for the young person to undertake an activity as a boss or to work on his own account and the duration of
transition to salaried employment. The positive effect of vertical mismatch suggests that young people in
Cameroon accept certain types of jobs to gain experience so that they can prospect for more matched jobs. It
also appears that having a parent of a CSP Senior Manager and Middle Manager reduces the transition time
to self-employment and to salaried employment respectively. For example, it can be read that having a mother
who has worked in the public administration, and in the private sector or in NGOs and in a micro-enterprise
has no effect on the length of transition to salaried employment and self-employment. Surprisingly, our results
show a positive and highly significant effect of a young person living with his or her parents on the duration
of the transition to salaried employment and self-employment. However, having the financial support of his
or her parents reduces the length of time he or she has made the transition to paid employment and has no
effect on the transition to self-employment.
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When looking at sociodemographic or individual characteristics, the results of the regression of the concurrent
duration at risk model with unobserved heterogeneity, presented in Table 1.6, show significant heterogeneous
effects of work during education by age and marital status. It shows that age has a significant effect and
reduces the time it takes to leave the transition to paid employment, but has no effect on the length of transition
to own-account employment. Table 1.6 also shows that being married, unmarried or in a common-law union
increases the duration of transition to paid employment (permanent or fixed-term employment) but has no
effect on the duration of transition to self-employment. And as far as labour market characteristics are
concerned, the low unemployment rates of 3.8% in Cameroon have no effect on the duration of transition to
self-employment, but greatly reduce the duration of access to salaried employment.

It is noted that there is a non-significant relationship between gender and the probability of exiting
unemployment, however, compared to women, being male increases the length of transition to paid
employment and self-employment. This would suggest that the type of professional activities carried out
during studies by men may be more conducive to their subsequent transition compared to women, or that the
local environment may be more favourable to men than women in valuing the skills acquired during
professional experiences during studies. For example, women are more likely than men to take care of
maternity and household chores, and the conditions of access to the labour market may be more discriminatory
for young women, so that any skills or experience accumulated are less useful in the firm.
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Fig. 3: Cumulative distribution function of transition time to first job by whether youth balance work
and education
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4.3. Reconciling education and experience and the length of transition to formal or informal
employment

In order to verify whether our results are stable, in this section we evaluate the effect of the combination of

education and experience on the duration of transition to salaried or non-salaried employment, but on the

duration of transition to formal or informal employment. Thus, Table 7 presents the effect of the combination

of education and experience on the duration of transition to formal or informal employment.
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Table 7: Combination of education and experience and duration of access to formal and non-formal

employment
Selection equation Emploi formula  Non-formal Emploi formula Non-formal
employment employment
Variables Coefficient odds ratio odds ratio odds ratio odds ratio
(StandardDeviation) (T-student) (T-student) (T-student) (T-student)
tudies-experience 0.0150(-1.824)* 1.768(0.379) 0.264(-1.698)* 0.282(-2.163)**
.atio de Mills 0.00661(-1.348) 25.26(1.285)
jender=Boy 0.250(0.0994)** 1.246(0.705) 1.420(1.386) 1.257(0.723) 1.407(1.353)
\ge -0.159(0.134) 0.978(-0.0679) 0.696(-2.142)** 1.031(0.0878) 0.677(-2.335)**
\ge2 0.261(0.221) 0.964(-0.0707) 1.662(1.926)* 0.870(-0.258) 1.753(2.161)**
Aarried 0.116(0.170) 2.448(2.294)** 2.140(2.166)** 2.586(2.428)** 2.123(2.146)**
jachelor -0.0298(0.144) 1.393(1.025) 2.611(3.723)*** 1.487(1.241) 2.559(3.658)***
rotestant 0.255(0.106)** 1.379(0.956) 1.453(1.579) 1.304(0.783) 1.498(1.729)*
[as a child -0.0207(0.112) 0.787(-0.775) 1.189(0.872) 0.822(-0.648) 1.167(0.778)

Jives with parents

ource of family income
Jicence

laster's degree and more
IJnderqualified

Aatched studies

'ublic administration
rivate or NGO (parent)
licro

jeneral Programs

ciences  Social.
business and law

Naths/Computer Science
‘ngineering

lever Attended

rimary

,ower secondary
uperior

enior Executive

liddle management

Jnemployment rate for 15-
35 year olds

“onstant
g of likelihood

)bservations

-0.0481(0.106)
-0.0909(0.109)
-0.203(0.117)*
-0.0316(0.137)
-0.531(0.210)**
-0.173(0.107)
-0.0997(0.152)
-0.242(0.162)
-0.152(0.133)
-0.289(0.334)
-0.0214(0.137)

-0.0127(0.194)
0.174(0.168)
0.331(0.141)**
0.249(0.135)*
0.0428(0.144)
0.280(0.170)*
-0.162(0.127)
-0.0994(0.124)
-0.326(0.181)*

4.368(2.164)**

827

0.833(-0.753)
0.781(-0.863)
0.842(-0.636)
0.671(-1.087)
0.301(-1.946)*
0.695(-1.270)
0.822(-0.562)
0.560(-1.518)
0.750(-1.018)
0.289(-1.737)*
0.433(-2.718)***

0.443(-1.803)*
0.916(-0.240)

0.601(-1.533)
0.727(-1.099)
0.278(-2.858)%**

17.263(1.237)
-0.046(0.84)
389

0.560(-3.165)%**
0.670(-2.003)**
0.646(-2.110)**
1.282(1.086)
0.745(-0.611)
1.252(0.888)
1.326(1.110)
0.899(-0.327)
0.817(-0.752)
0.325(-2.093)**
0.907(-0.395)

0.958(-0.117)
1.023(0.0777)

0.740(-1.154)
1.285(1.134)
0.723(-0.960)

9.042(0.461)
0.026(0.60)
438

0.805(-0.903)
0.814(-0.719)
0.828(-0.698)
0.677(-1.059)
0.258(-2.246)**
0.675(-1.367)
0.861(-0.428)
0.574(-1.464)
0.781(-0.873)
0.253(-1.906)*
0.451(-2.591)**

0.467(-1.684)*
0.906(-0.265)

0.586(-1.600)
0.716(-1.141)
0.358(-2.736)%**

43.04(0.582)
-0.043(0.79)
389

0.577(-3.057)%**
0.646(-2.211)**
0.650(-2.067)**
1.262(1.016)
0.807(-0.450)
1.290(1.005)
1.290(1.003)
0.889(-0.361)
0.800(-0.835)
0.365(-1.934)*
0.892(-0.461)

0.908(-0.256)
1.043(0.147)

0.765(-1.033)
1.286(1.132)
0.625(-1.316)

360.7(1.520)
0.024(0.56)
438

Source: Author, based on the 2018 Employment Policy Improvement (EPAE) conducted by CEREG and IDRC. ***
significance at 1%; ** significance at 5%; * significance at 10%. The values in parentheses are the t of student and the
robust standard deviations.
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Columns 1, 2 and 3 present the results with selection bias and columns 4 and 5 show the effect of cumulative
education-experience without selection bias. As with the transition to salaried or non-salaried employment,
there is no problem of selection bias in the reconciliation of education and experience on the transition time
of young people to formal or informal work.

As found above, the combination of education and experience also reduces the transition time of young people
to formal and informal employment. However, its effect, which is higher on the duration of transition to
informal employment than on the duration of transition to formal employment, could reflect the fact that in
Cameroon, young people accept informal jobs to gain experience, which will allow them to get a job in the
formal sector of the economy. In addition, Figure 4 shows that young people who have attended only
education are more likely to find a job in the informal sector quickly compared to young people who have
accumulated education and experience. Curiously, this same graph shows that young people who have a
combination of education and experience are more likely to find a job in the formal sector quickly. This
supports the thesis that the effect of work during studies is strongly dependent on the nature of the work and
its correlation with the field or field of training.
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Source: Author, from the Improvement of Employment Policies (EPAE) database.
Fig. 4: Cumulative distribution of the transition time to the first job by whether the young person balances
work and studies
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In terms of the field of training, it shows that general programmes have a positive influence on the length of
transition to formal and informal employment. The social sciences business and law and the mathematics and
computer science courses reduce the transition time to formal employment, and have no effect on the
transition time to informal employment. The fact that a young person lives with his or her parents and receives
financial support from their parents has a positive influence on the transition time to informal employment
and has no effect on the transition duration of transition to formal employment. This result goes against the
theoretical predictions that the reservation wage has the effect of extending the transition time of young
people. Indeed, in Cameroon, from a certain age, young people no longer receive financial assistance from
their parents and are forced to sign employment contracts in the informal sector of the economy in order to
take care of their daily expenses.
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With regard to other characteristics, it appears that being married increases the transition time to formal and
informal employment. But single status significantly increases the transition time to informal employment
and does not affect the transition time to formal employment. With regard to other labour market
characteristics, low unemployment rates reduce the transition time to formal work and have no effect on the
transition time to informal work.

4.4. Analysis of the robustness of the combination of education and experience and the

length of transition of young people
Table 8 presents the results of the analysis of the robustness of the effect of the school-experience balance on
the duration of the transition to paid employment and to self-employment, and Table 9 in the appendix
presents the analysis of the effect of the school-experience balance on the duration of transition to formal or

non-formal employment.

Table 8: Analysis of the robustness of the accumulation of education and experience and transition time

VARIABLES

Equation of selection Employment living Employment Employment Employment
room-Laugh

Studies-experience odds ratio odds ratio odds ratio odds ratio

(Standard Deviation) (T-student) (T-student) (T-student) (T-student)

Studies-experience
Ratio de Mills

Gender=Boy

Age

Age2

Married

Bachelor

Protestant

Has a child

Lives with parents
Source of family income
Licence

Master's degree and more
Underqualified

Matched studies

Public administration
Private or NGO (parent)
Micro

General Programs

Social Sciences. Business and Law
Maths/Computer Science
Engineering

Never Attended

Primary

Lower secondary
Superior

Senior Executive

Middle management

Unemployment rate for 15-35 year olds

Constant
Log of likelihood
Observations

0.250(0.0994)**
-0.159(0.134)
0.261(0.221)
0.116(0.170)
-0.0298(0.144)
0.255(0.106)**
-0.0207(0.112)
-0.0481(0.106)
-0.0909(0.109)
-0.203(0.117)*
-0.0316(0.137)
-0.531(0.210)**
-0.173(0.107)
-0.0997(0.152)
-0.242(0.162)
-0.152(0.133)
-0.289(0.334)
-0.0214(0.137)
-0.0127(0.194)
0.174(0.168)
0.331(0.141)**
0.249(0.135)*
0.0428(0.144)
0.280%(0.170)
-0.162(0.127)
-0.0994(0.124)
-0.326(0.181)*
4.368(2.164)%*

827

0.412(-0.736)
1.226(0.104)

1.230(0.980)
0.785(-1.658)*
1.336(1.254)
2.314(3.034)**
2.240(3.753 )%+
1.191(0.900)
1.255(1.297)
0.683(-2.381)**
0.664(-2.372)**
0.784(-1.358)
1.260(1.131)
0.773(-0.614)
1.395(1.542)
1.221(0.951)
0.845(-0.632)
0.781(-1.170)
0.286(-2.526)**
0.642(-2.356)**
0.606(-1.525)
0.748(-1.225)

0.759(-1.197)
1.204(1.058)
0.518(-2.440)**
1.858(1.326)
0.021(0.59)

316

0.0728(-0.730)
0.492(-0.117)

1.753(1.092)
0.684(-0.883)
1.936(1.010)
1.737(0.810)
1.423(0.752)
2.885(2.093)**
0.376(-2.369)**
0.554(-1.632)
0.844(-0.396)
0.575(-1.379)
0.432(-1.450)
0.180(-2.032)**
0.262(-3.216)***
0.737(-0.588)
0.489(-1.189)
0.882(-0.295)
0.446(-0.828)
0.824(-0.331)
0.922(-0.108)
2.729(1.694)*

0.519(-1.360)
0.392(-1.728)*
0.514(-1.056)
1.650(0.699)
-0.057(0.70)
375

0.366(-2.038)**

1.229(0.979)
0.783(-1.678)*
1.341(1.282)
2.312(3.040)***
2.237(3.768)**+
1.194(0.923)
1.253(1.298)
0.684(-2.391)**
0.663(-2.430)**
0.784(-1.351)
1.258(1.135)
0.777(-0.604)
1.397(1.556)
1.218(0.938)
0.844(-0.635)
0.780(-1.172)
0.288(-2.579)***
0.641(-2.361)*
0.604(-1.538)
0.749(-1.227)

0.760(-1.197)
1.205(1.060)
0.512(-2.834)***
236.9(1.736)*
0.021(0.59)

316

0.107(-1.926)*

1.763(1.088)
0.686(-0.877)
1.925(1.003)
1.752(0.833)
1.441(0.823)
2.874(2.114)%*
0.378(-2.370)**
0.552(-1.668)*
0.847(-0.396)
0.574(-1.377)
0.434(-1.458)
0.175(-2.103)**
0.261(-3.215)%**
0.739(-0.582)
0.489(-1.195)
0.885(-0.289)
0.439(-0.844)
0.826(-0.328)
0.924(-0.105)
2.732(1.701)*

0.391(-1.369) *
0.524 (-1.740)
833.7(-1.106)
1.214(0.785)
-0.056(0.69)
375

Source : Author, based on the 2018 Employment Policy Improvement (EPAE) conducted by CEREG and IDRC. *** significance at 1%; **
significance at 5%; * significance at 10%. The values in parentheses are the t of student and the robust standard deviations.
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This result is achieved by no longer using the Weibull law but rather the exponential law. Indeed, contrary to
Heckman and Singer (1984b) who shows through an estimation by the gamma law, that the use of a parametric
form can have a significant impact on the results, we use the exponential law which has a more flexible
distribution in the same way as the gamma law. In practice, unobservable heterogeneity can be defined by the
technique of support points, but this method is as arbitrary as the use of the exponential distribution. Abbring
et al (2001) provide a more interesting illustration of this by using the gamma function ex post. As a result,
given the small size of our sample, the heterogeneity distribution of job prospectors still at risk (who are
seeking to access the labor market) estimated by the Weibull law can quickly converge towards an exponential
distribution.

These results are qualitatively similar to those presented in Tables 6 and 7 above. Specifically, the effect of
the academic profile previously estimated by a weibull distribution on the transition time to paid employment
or to self-employment remained stable. This effect is still significant and always reduces the transition time
to salaried employment, self-employment, formal and informal employment.

A disaggregation by field or field of study shows that the effect is still stable with regard to the significance
threshold and the sign of the fields of study in education and general programmes, social sciences, business
and law and engineering. It can also be seen that the results in Tables 8 and 9 in the appendix have remained
unchanged for young people who live with their parents and receive financial assistance from their parents.
Also, as far as individual characteristics are concerned, it must be noted that our results remained unchanged
for the variables being married, being single, underqualified in relation to employment, matched to
employment in terms of influence threshold and monkey. Overall, our results remained stable for all variables
used to analyze the effect of the combination of education and experience on the duration of transition to
salaried, self-employed, formal and informal employment.

5. Conclusion

The objective of this paper was to evaluate the economic effect of reconciling education and experience on
the length of the transition of young people to salaried employment on the one hand and to self-employment
on the other. Our analysis focused on young people who, during their school years, were either on an
internship or in the course of an apprenticeship. We assessed the effect of reconciling education and
experience on the length of transition to salaried, self-employed, formal and informal employment. Among
the possible (a priori) undetermined effects on the transition period, it appears that the fact that a young person
reconciles studies and professional activities can to some extent help the young person to acquire a first work
experience before leaving the education system. This allows the student to become familiar with the barriers
to youth employment that are addressed in most post-graduation intervention policies, given that current youth
employment policies consist of several after-school programmes and projects. More specifically, it is at the
end of the education system that young people receive training and acquire the experience that allows them
to acquire specific know-how that is appreciated by the employer. Interventions in terms of economic policies
must be reoriented towards policies to strengthen the links between universities and the labour market, which
encourage young people still in the education system to engage in professional activities on the one hand. On
the other hand, further studies on the types of work performed by boys and girls as well as interventions to
reduce labour market constraints (during and after schooling) for women should be considered. Otherwise,
similar policies could encourage the widening of the gender gap in the transition time of young people.

Our multi-equation modelling, which takes into account possible endogeneity and selection biases, adds to
the rare literature on the effects of the accumulation of studies and experience on the transition time. Our
results show that reconciling studies and experience reduces the transition time to all labour market outcomes
in Cameroon. Here we find the results of Nilsson (2015) and Manacorda et al (2017). More relevant is the
effect of the training course. Indeed, the fact that a young person has attended the general curriculum, social
sciences, business and law reduces the length of time he or she has transitioned to salaried and formal jobs.
However, engineering cycles increase the transition time to self-employment and have no effect on the
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transition time to self-employment. Although not significant, it reduces the transition time to wage and formal
employment. These results are in line with the conclusions of the work on the effect of education pathways
in relation to the labour market (Lorentzen et al, 2019; Quintini and Manfredi, 2009). As far as the adequacy
of training and employment is concerned, the fact that a young person has a training course adapted to the job
greatly reduces the transition time to salaried, self-employed and formal employment.

The effects of training pathways or parchment effect are observed for young people who worked during their
years of schooling and for those who followed a type of training stream, with significant differences in the
length of transition to either salaried or non-salaried employment and informal or informal employment.
While these results are partly in line with those of Dedehouanou et al (2022) of Nilsson (2015) of Bjorn et al
(2016) and Manacorda et al (2017), however, they do not allow us to reject the postulate of a signal on the
labour market in Cameroon. Such a result reflects the need to explore other elements of explanation for the
importance for a student to seek a first work experience during his or her studies or to reconcile studies and
experience. The results presented in this chapter provide useful information for the implementation of
effective employment policies that can accelerate the transition of young people to wage, formal and self-
employment jobs. The results draw attention to the importance of temporary employment experiences for
youth during studies and of expanded school programs including apprenticeships.

The policy implications regarding the change or reorientation of existing strategies to address youth
unemployment in Cameroon are clear. Existing programmes/projects address youth unemployment after they
have completed school, providing them with training and skills that are only valued by employers after
graduation. Employment policies need to be reoriented or expanded to promote young people's engagement
in well-designed work experiences at school. To extend the benefits of these programs to women, more
research is needed on the type of academic work being done. Finally, interventions should be designed to
reduce the proportion of young people seeking employment through informal channels.

Annexes
Table 9: Analysis of the robustness of the accumulation of education and experience and transition duration
Equation of selection ~ Emploi formula  Non-formal Emploi formula Non-formal
tion employment employment
Coefficient(Ecart- odds ratio(T- odds ratio(T- odds ratio(T- odds ratio(T-
VARIABLES type) student) student) student) student)
Studies-experience 0.0143(-1.811)*  1.793(0.394) 0.750(-1.128) 0.292(-2.164)**
Ratio de Mills 0.00697(-1.312)  24.311.290)
Gender=Boy 0.250(0.0994)** 1.270(0.748) 1.411(1.387) 1.279(0.762) 1.399(1.353)
Age -0.159(0.134) 0.962(-0.114) 0.704(-2.127)** 1.014(0.0414) 0.684(-2.327)**
Age2 0.261(0.221) 0.985(-0.0285) 1.638(1.908)* 0.890(-0.215) 1.728(2.150)**
Married 0.116(0.170) 2.580(2.400)**  2.088(2.181)** 2.718(2.527)** 2.075(2.159)**
Bachelor -0.0298(0.144) 1.449(1.158) 2.549(3.778)*** 1.544(1.370) 2.502(3.706)***
Protestant 0.255(0.106)** 1.399(0.975) 1.441(1.581) 1.323(0.808) 1.486(1.734)*
Has a child -0.0207(0.112) 0.789(-0.748) 1.189(0.887) 0.824(-0.625) 1.166(0.791)
Lives with parents -0.0481(0.106) 0.814(-0.838)  0.569(-3.198)***  0.787(-0.991) 0.585(-3.084)***

Source of family income
Licence

Master's degree and more
Underqualified

Matched studies

Public administration
Private or NGO (parent)
Micro enterprise

General Programs

-0.0909(0.109)
-0.203(0.117)*
-0.0316(0.137)
-0.531(0.210)**
-0.173(0.107)
-0.0997(0.152)
-0.242(0.162)
-0.152(0.133)
-0.289(0.334)

0.770(-0.893)
0.827(-0.688)
0.674(-1.054)
0.289(-1.963)**
0.694(-1.246)
0.826(-0.537)
0.551(-1.527)
0.743(-1.030)
0.269(-1.871)*

106

0.679(-1.989)**
0.651(-2.117)**
1.275(1.084)
0.758(-0.588)
1.249(0.894)
1.318(1.098)
0.901(-0.323)
0.820(-0.754)
0.336(-2.087)**

0.803(-0.754)
0.813(-0.746)
0.680(-1.031)
0.248(-2.253)%*
0.674(-1.342)
0.866(-0.406)
0.566(-1.471)
0.774(-0.886)
0.236(-2.033)**

0.654(-2.205)**
0.655(-2.076)**
1.256(1.012)
0.819(-0.428)
1.2861.010)
1.284(0.993)
0.892(-0.357)
0.803(-0.836)
0.376(-1.923)*



Social Sciences. Business and Law
Maths/Computer Science
Engineering

Never Attended

Primary

Lower secondary

Superior

Senior Executive

Middle management

Unemployment rate for 15-35 year

-0.0214(0.137)
-0.0127(0.194)
0.174(0.168)
0.331(0.141)**
0.249(0.135)*
0.0428(0.144)
0.280(0.170)*
-0.162(0.127)
-0.0994(0.124)
-0.326(0.181)*

0.424(-2.761)***
0.436(-1.811)*
0.915(-0.239)

0.587(-1.576)
0.729(-1.065)
0.267(-2.914)***

0.916(-0.363)
0.966(-0.0942)
1.022(0.0764)

0.750(-1.128)
1.284(1.151)
0.735(-0.931)

0.442(-2.627)%**
0.460(-1.692)*
0.907(-0.257)

0.572(-1.650)*
0.718(-1.108)
0.343(-2.839)***

0.902(-0.429)
0.917(-0.234)
1.043(0.149)

0.775(-1.008)
1.285(1.147)
0.636(-1.304)

olds
Constant 4.368(2.164)** 24.171(1.262) 7.531(0.431) 63.49(0.638) 293.1(1.506)
Observations 827 389 438 389 438

Source : Author, based on the 2018 Employment Policy Improvement (EPAE) conducted by CEREG and IDRC. *** significance at 1%; **
significance at 5%; * significance at 10%. The values in parentheses are the t of student and the robust standard deviations.
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